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SENTIMENT ANALYSIS ON TWEETS ABOUT THE ELECTION
CANDIDATES ISING TEXTBLOB

Abstract. Sentiment analysis i1s the categorization of the speaker’s,
writer’s, or other subject’s perspective on a certain issue. Since Kazakhstan’s
presidential election in 2022 is one of the most discussed events we distinguish
people’s perspectives on the election and each candidate. The possible leader of
the country will be influenced by the public’s perception of a candidate. A
diverse data set illustrating the current public perceptions of the candidates are
gathered from the Twitter platform. The collected tweets are examined using a
lexicon- based methodology TextBlob to ascertain the public’s sentiments. In
this study, we analyze the collected tweets to identify the polarity and
subjectivity measures that provide light on the user perception of a certain
candidate.
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AnaaTna. MaTiHIepaIH ce3IMIIK Taxgaysl — Oeriai 61p Macese GoiibiHIIa
COIUIeyNIIHIH, JKAa3yIIBIHBIH HeMece Oacka CYOBeKTIHIH Ke3KapacTapblH
canarray. 2022 xpuwbl KasakcTaHIarel Npe3HIEHTTIK caillay eH Kem
TaJKbIIAHATBIH OKHFalTapAblH Oipl OOTFAHIBIKTAH, XalBIKTBIH caillayFa jKoHe
ap6ip KaHmHIaTKa JIeTeH KO3KapachlH aHBIKTaFbIMBI3 Kendl. [BHTTep
ANeYMETTIK TUIaT(opMackiHaH YMITKepiIep TYpasibl Ka3lpri KOFaMIIBIK MIKIPIi
OefiHeNelTIH SpTYpil IepeKTep JKHHAFbl JKHHAIABL. JKHHaTFaH TBHTITEp
KOFaMJBIK KOHLUI-KYilJl aHBIKTay YINIH JIeKCHKalIblK HernaenreH TextBlob
a11IcTeMec] apKbIIbl TeKcepural. byt makanana 613 TBHTTep 11 naiifanaH yIIBIHEIH
Genrumi  Olp KaHAMIATTHI Kanail KaOBIIJANTHBIHEIH  JKoHe  MOJSPIEBIK,
CYOBEKTHBTLIIK ©JIIIIeMIepIH aHBIKTAy YIIIH TaaaaiiMbI3.

Tyitin ce3xep. Ce3iMuik Taqzay. Ipe3HIeHTTIK caitaay, TextBlob.

Fgk

AHHoTanmusl. AHaIN3 TOHATBHOCTH TEKCTOB - 3TO KaTeropmsamiisa
B3ITIAOOB TOBOPANISro., IMHINVIIECTO aBToOpa IUIH JPYyroro CYGBEKTE‘I Ha
olpezeneHHbIil Bonpoc. [TockonbKy mpe3nneHTckie Bel- 0opel B Kazaxcrane B
2022 roay SBISIOTCS OJHHIM M3 CaMbIX OOCYKIaeMBIX COOBITHIL, MBI XOTHM
ONpelenHTh B3MIAABI MIOAeil Ha BBIOOPHI H Ha KakIOTo KaHIHaTa.
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Pa3zHooOpa3HbIil Habop JaHHBIX, IWLTOCTPHPYIOMIMIT TeKyllee 0O0IIeCTBeHHOe
MHEHHe O KaHIJaTaX, coOH- paeTcs ¢ couHanbHOIl IuIaTdopmsr Twitter.
CoOpaHHBIE TBHTHI IIPOBEPAIOTCHA C MOMOIIBIO OCHOBAaHHOII Ha JIEKCHYECKOIl
metogonornn TextBlob mns ompemenenns HactpoeHmns myomi- kB 3tom
HCCIeIOBAaHHH MBI aHATH3HpYeM coOpaHHBIe TBHTHI, UTOOB! OIpe1eTHTh MepE!
MOJIAPHOCTH H CYOBEKTHBHOCTH, KOTOpble IPOIHBAIOT CBET HAa BOCIPHATHE
I10JIb30BaTeIeM OllpeIe/IeHHOTO KaHIH1aTa.

KnaroueBnle ciaoBa: UyBCTBeHHBIIl aHAI3, Mpe3HIeHTCKIE BBIOOPEHI,
TextBlob.

ok

Introduction

In the modern world, dominated by the power of social networks and the
opimion of the majority, determining the mood and sentiment of the individual
on a specific topic and, therefore, the different attitude of the whole group of
individuals plays a significant role. With the advent of the Internet, every person
can be an author, a writer, or speaker in the media space. Each tweet on Twitter
or review left in online stores has its impact. We are used to sharing our
experiences or opinion on some product, a movie, or political events. In addition,
we form our opinion based on the information on the Internet. Thus, people’s
beliefs, sentiments, and emotions on the Web influence business, entertainment,
politics, and society. Every text on the Web is a digital data, and organizations,
and scientists use and analyze these data for their purposes.

Sentiment Analysis(SA) i1s one of the studies of Natural Language
Processing that classifies text based on sentiment orientation. It derives
information from social blogs, and discussion forums and then distinguishes
them by their opinion polarity, which is positive, negative, and neutral.
Sentiment Analysis has many difficulties and challenges in determin- ing the
accurate polarity of a text because of some NLP problems. Human language has
many intricacies and underlying meanings that the computer cannot handle.

Literature Review

The language of communication of people on Internet platforms is rapidly
changing, consequently, Sentiment Analysis needs updates to carry out
novelties and additions. SA has different methods and approaches to analyzing
huge data. And the accuracy of these methods varies.

From the beginning of the 2Ist-century numerous research papers and
results have been made and new approaches have been introduced.

Bo Pang and Lillian Lee in 2002 collected movie reviews and using
machine learn- ing methods classified them into positive and negative

49



SDU Bulletin: Natural and Technical Sciences. 2023/1 (62)

categories. The authors used three different methods: Naive Bayes, maximum
entropy classification, and support vector ma- chines. Also, they concluded that
sentiment-based analysis is more complex and more challenging[1]. Later they
published overall research about opinion mining and sentiment analysis and
discussed general trends and interests in this area[2].

Besides machine learning methods there are unsupervised approaches that
take ex- actly the sentiment of words and lexicon. Peter D. Turney presents a
classification of reviews by the semantic orientation of phrases, use of adjectives
and adverbs. He builds the relation- ship between the given phase and the words
"excellent" and "poor" and gives them a score of the particular sentiment[3]. Hu
and Liu use almost the same method as Peter Turney on analyzing customers’
reviews about some product, but presents some novelties[4]. Maite Taboada et
al. use different approach Lexicon-Based Methods. They create dictionaries of
words with semantic orientation and with their use assign polarities to texts. In
addition, they show how to establish proper and reliable dictionaries[5].

Liu and Zhang presented an article that gives a detailed view of every
aspect of se- mantic analysis and discusses some problems of distinguishing
accurate orientation because of some nuances of human language and spotting
spams|[6].

There are some articles presenting the application of the SA n different
areas on Twitter. Farha Nausheen et al. in their research with the help of a
twython library col- lected tweets during the election in the USA and they
filtered these tweets using NTLK (Natural Language Toolkit). By application of
opinion mining the authors differed tweets of each candidate[7]. During
impactful world events, it 1s very important to take into ac- count the opinion of
the public. And one of those events was the spread of the coronavirus.
K.Manguri et al. analyzed n [ 8] the latest people’s opinions regarding COVID-
19 on Twit- ter. They use a similar method as in the previous article. B. Gupta,
M.Negi tested all machine learning algorithms and compare their accuracy using
Twitter data. They applied different training models by using Natural Language
Processing (NLTK), SCIKIT-LEARN libraries: Classification, Regression,
Clustering. The authors presented some difficulties in classification and how to
deal with them[9].

The papers above are based on English’s grammar and semantic rules. So
basically, there are many techniques, methodologies, and libraries of Semantic
analysis for English texts. But for other languages, the libraries don’t work as
they do for English. Kotelnikov E. and Klekovkina M. discuss machine learning
methods of Semantic analysis for Russian texts[10]. Osokin V.and Shegay M.
use the Naive Bayes classifier for defining semantics of Russian text. They
showcased an excellent accuracy in distinguishing polarity[11].

Methods and Materials
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The first task in this project is to collect the necessary information from
Twitter. In our case, sentiment analysis analyzes tweets about candidates for
elections in Kazakhstan, which took place in November 2022. We use a social
networking service SNScrape to collect data from Twitter. This service scrapes
data like usernames, hashtags, or searches and returns the discovered items by
some keywords. The period was chosen from the announcement of the elections
on 1 September to the end of the election on 30 November. Moreover, we apply
for the Twitter filter such keywords as "Beiboper Kazaxcran" and names of
candidates. Thus, we collected more than 1500 tweets in Russian.

The next step is preparing the tweets in a suitable format. Empty rows and
duplicate texts have been removed, as well as tweets containing only photos or
videos. All texts in Kazakh and Russian were translated into English. The
translation was made because in the next step when using the analysis, there are
no good and free libraries for determining the polarity of the text. English has
advanced much more than other languages.

For the third part, we use the TextBlob library to determine the sentiment
of each tweet. This library uses NLTK algorithms and take the color of each
word and gives a summed result for each text. The sentiment of the text ranges
from -1 to 1.

Data and Results

As we said above the algorithm of TextBlob is used to the filtered tweets
in order to calculate the total number of negative, positive and neutral tweets for
Kassym-Jomart Tokayev, Meiram Qajyken, Jiguli Dairabaev, Qaraqat Abden,
Saltanat Tursynbekova and Nurlan Auesbaev. Depending on the polarity of the
specific words used in the tweet, the sentiment of the text i1s categorized. A
positive term (such as good, great, etc.) receives a score of 1, a negative word
(such as bad, worse, pathetic etc.), and a neutral word (such as quite, average,
etc.) receives a score of 0. Polarity values vary from [—1, +1]. The ratings of all
the individual words are then added to determine the overall polarity of a tweet.
The results of the analysis is presented in Plot 1.

Plot 1

K. Tokayey K Abden 5. Tursynbekova M. Cayyken JDairabayey A ayev

Discussion and Conclusion

51



SDU Bulletin: Natural and Technical Sciences. 2023/1 (62)

According to the graph, we can see that Kassym-Jomart Tokayev has more
positive tweets than the other candidates, but the number of negative tweets 1s
also higher than the rest. Because he has more attention on the social platform.
The difference between negative and positive tweets is quite the same for other
candidates. Therefore, we can predict that Kassym-Jomart Tokayev has a higher
chance of winning the president election.

Approximately the same results were obtained in Farha Nausheen’s article
about president elections in the USA [7]. In their study, they suggest a lexicon-
based sentiment analyzer that categorizes tweets according to their sentiment
value. The differences between this paper and their work lies in the way of
collecting and processing data, and applying some other NLTK algorithm. Due
to the wide range of English speakers and twitter users, their derived data 1s much
bigger than the collection of tweets that we use in this project. Also the accuracy
of their analysis 1s higher because of the direct use of language. in our case we
need to translate the original tweet to English in order to apply the NLTK
methods.

To obtain a more accurate result in the future, you can use NLTK methods
directly for the texts without translation, as the SA for Russian language is still
developing.
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